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Research on Risk Analysis of Cyber Attack Threat with a Bayesian Network
Sun Lijain,Wang Peichao,Zhou Yun,Zhang Weiming

Abstract: Inrecent years, with the development of the Internet, network threats have deepened and
network anomaly behavior analysis has become very important. The current mainstream network
anomaly behavior analysis is essentially a Bayesian network model. Based on the Bayesian network,
this paper models the network threat elements, uses the scoring search algorithm to build the
structure of the model, and uses Bayesian network inferringto analyze and calculate the overall
threat.
Key words: Bayesian Network ; Network Anomaly Behavior ;Threat Assessment ;Risk Analysis
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